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ABSTRACT

This study investigates the factors influencing the intention to use mobile applications
for business information among women-led micro-enterprises (WMESs) in the
Kathmandu Valley, employing the Unified Theory of Acceptance and Use of
Technology (UTAUT) as a theoretical framework. Despite the rising ownership of
enterprises among women in Nepal, significant gender disparities in digital
technology adoption persist. This research addresses the existing gap by examining
how Performance Expectancy, Effort Expectancy, Social Influence, and Facilitating
Conditions impact attitudes and behavioral intentions toward mobile application use.
Utilizing a cross-sectional quantitative approach, data were collected from 391
women micro-enterprises through an enumerator-administered structured
questionnaire. The findings reveal that performance expectancy and social influence
are significant predictors of positive attitudes toward mobile application adoption.
However, effort expectancy does not have a significant impact, suggesting the need
for further exploration. Facilitating conditions, such as access to technology and
digital literacy, play a crucial role in shaping attitudes and intentions. The study also
demonstrates that attitude is a strong predictor of behavioral intention. These insights
contribute to a deeper understanding of the socio-cultural and economic barriers
women face in embracing digital technologies, highlighting the need for targeted
interventions to enhance digital inclusion. The study ultimately advocates for policy
initiatives aimed at empowering WMEs through improved access to technology and
training, thereby fostering greater economic participation in the digital economy.
Keywords: attitude, behavioral intention, effort expectancy, facilitating conditions,

performance expectancy, social influence, UTAUT, women-led micro-enterprises
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CHAPTER I

INTRODUCTION

The global digital economy has undergone substantial expansion recently,
fundamentally transforming how businesses operate and how consumers interact. In
the context of globalization, digital technology (DT) has seen substantial
advancements, influencing individual lifestyles and reshaping work paradigms and
development approaches (Lechman, 2021; Tripathi & Dungarwal, 2020). This
transformation has led to increased internet penetration and mobile technology
adoption, especially in developing regions.

As internet penetration grows, it creates a dynamic digital landscape that
offers unique opportunities to leverage DT for enhancing productivity and income
generation (Antonio & Tuffley, 2014). Digital transformation provides access to
critical information for establishing micro-enterprises, strengthening market linkages,
and capitalizing on networking opportunities.

However, despite these advancements, persistent gender disparities in the
digital realm remain a significant challenge. Women often face limitations in
educational attainment, healthcare access, technological proficiency, and participation
in decision-making processes (Ghosh & Chopra, 2019). These barriers contribute to
the digital inclusion gap for women. Moreover, the adoption of mobile applications
among women-led micro-enterprises remains suboptimal (Dutta & Shivani, 2020;
Sathye et al., 2018).

According to Mullally et al. (2022) underscores the empowering potential of
mobile technology for women. Their study demonstrated that delivering veterinary

training via mobile platforms to female community animal health workers yielded



positive results. These findings underscore the transformative power of mobile
technology in narrowing the gender disparity and advancing women's economic
capability. Despite this potential, women micro-enterprises often lag behind their
male counterparts in adopting mobile applications (Mehta & Sinha, 2022).

The integration of mobile applications by female-led micro-enterprises,
particularly in developing regions, is a critical area of study. Research suggests that
determinants like social influence, effort expectancy, and perceived usefulness
significantly affect the propensity of female enterprises to adopt mobile applications
(Abed, 2021; Sathye et al., 2018). For instance, a study in Saudi Arabia identified
social influence as the important factor of behavioral intention, followed by effort
expectancy (Abed, 2021). Similarly, research conducted in Fiji emphasized the
significance of social norms and perceived easiness to use for utilization of
technology by women micro-entrepreneurs (Sathye et al., 2018). These results
underscore the significance of socio-cultural and technological determinants in
driving mobile application adoption, which can enhance business sustainability and
empower women economically.

Comprehending the determinants affecting the propensity of women-led
micro-enterprises to adopt mobile applications is crucial for addressing the digital
disparity and empowering women. Yet, the under-representation of women in the
digital sphere remains a global issue (Krchova & Hoesova, 2021). Gender and rural-
urban digital gaps are particularly evident in developing and least-developed countries
(LDCs) (Gurung & Paudel, 2021; Hernandez & Roberts, 2018). These gaps not only
limit women’s economic empowerment but also restrict their social and political
participation. DT has immense potential to close this divide and empower women

entrepreneurs across various sectors. Research indicates that women’s adoption of DT



can improve their quality of life and contribute to economic growth. Despite growing
research on female entrepreneurship, the role of DT in transforming women-led
businesses remains underexplored. There exists a substantial deficiency in
comprehending the mechanisms by which digital technologies facilitate innovation
and growth within female entrepreneurship (Ughetto et al., 2020).

Recent research has mentioned different determinants that impact the
propensity to utilize mobile applications within the entrepreneurial sphere. The
Technology Acceptance Model (TAM) fundamentally revolves around the constructs
of perceived easiness to use and perceived usefulness (Davis, 1989). Moreover,
psychological and behavioral determinants including self-efficacy and personal
innovativeness, have been found as significant predictors to adopt technology among
micro-enterprises (Bandura, 1997). Social influence as well as facilitating conditions,
as described in the Unified Theory of Acceptance and Use of Technology (UTAUT),
also play critical roles in influencing user intentions (Venkatesh et al., 2003).

This study seeks to investigate the determinants, thereby enhancing the
growing body of literature on technology utilization in the micro-enterprise sector.
The theoretical foundation for this study is based on the UTAUT model, as it is well-
established in technology adoption studies. UTAUT identifies key parameters that
affect users propensity to embrace a technology (Venkatesh et al., 2012). This
research explores how UTAUT constructs, such as performance expectancy (PE),
effort expectancy (EE), social influence (SI), and facilitating conditions (FC), impact

women-led micro-enterprises' aspire to use mobile apps for business information.



Statement of the Problem

A significant disparity exists worldwide between the involvement of men and
women in the digital economy. This has drawn the interest of researchers and
policymakers due to the potential of digital technologies (DT) to enable women's
advancement in economic, social, and political spheres. Despite the potential benefits
of digital technologies, a gender gap persists in access and adoption, with women
lagging behind men (Mehta & Sinha, 2022). This disparity has garnered attention
from development organizations in developed nations, who advocate for solutions to
address the challenges women enterprises face. The core argument suggests that
women's adoption of DT can improve their quality of life.

Data from Nepal's 2018 National Economic Census reveals that women hold a
significant ownership stake in the country's enterprises, controlling roughly 29.8% of
them (Central Bureau of Statistics, 2018). However, this ownership is not evenly
distributed across sectors. The agricultural sector, encompassing forestry and fishing,
stands out as having a particularly low representation of women enterprises, with a
mere 0.80% of enterprises classified as women-owned. Despite this sectoral
disparity, and ownership levels remaining below women's population share (50.4%), a
positive trend is evident — a growing number of women in Nepal are taking ownership
positions within the business landscape (Bhandari & Amponstira, 2020).

Aggravating these ownership disparities are socio-cultural norms that can
constrain women's entrepreneurial mobility and decision-making authority (Bhandari
& Amponstira, 2020). Furthermore, women enterprises encounter obstacles including
limited access to relevant skills, persistent gender biases, and exclusion from digital

platforms crucial for business success (Mariscal et al., 2019; Orkoh & Viviers, 2021;



Ojo & Segone, 2022). Micro-enterprises, a common business structure for women
enterprises, often need both financial resources and personnel with the technological
expertise to navigate the digital landscape (Hassan et al., 2011). In contrast,
businesses that strategically leverage digital technologies within their operations
experience many benefits. These advantages include increased efficiency and
effectiveness in core processes, enhanced customer experiences, improved
productivity and revenue generation, and a fortified competitive edge within their
market (Bellakhal & Mouelhi, 2023; Ciurea et al., 2021; Opute et al., 2020; Pfister &
Lehmann, 2021).

Despite the aforementioned challenges, research indicates that women-owned
firms demonstrate greater resilience and sustainability, potentially acting as key
drivers of economic growth (Bhandari & Amponstira, 2020). However, a critical gap
exists in the current research — a lack of studies specifically exploring women
enterprises' orientation towards digital technologies (Mehta & Sinha, 2022). While
research on technology adoption within Nepal exists (Aryal, 2021; Maharjan et al.,
2024; Nepal & Nepal, 2023; Tamrakar & Shrestha, 2022; Teo et al., 2019), these
studies focus on general consumer behavior or specific technologies like HR
information systems. Remarkably absent is research investigating mobile application
adoption among women micro-enterprises in least-developed countries, particularly
through the view of the UTAUT model (Venkatesh et al., 2012). Therefore, a
compelling need exists to explore the reasons behind the slow and low adoption rate
of digital technology among women enterprises.

Scholars have investigated female entrepreneurship in developed economies,
but there remains a dearth of literature examining the intention to use digital

technology within emerging and developing contexts (Correa et al., 2024). While



existing research addresses the challenges of adopting digital technologies, further
exploration is needed to identify strategies for reducing the disparity between genders
in the utilization of mobile internet and mobile money services. Closing this gap could
unlock substantial commercial opportunities for the mobile industry and deliver socio-
economic benefits for women. While prior research offers general recommendations,
it often overlooks the heterogeneity of WMESs' operational environments,
encompassing factors like rural versus urban locations, industry variations, and
cultural norms. This research gap necessitates a deeper exploration of how digital
adoption for strategic marketing can be tailored to the specific contexts of WMEs to
optimize market access and business information.

Several studies, including Slinger et al. (2024) indicate that certain constructs
from the UTAUT2 model do not solely determine behavioral intention. Although
UTAUT2 has been extensively adopted in various contexts to study technology
utilizations, its application specifically among women micro-entrepreneurs in Least
Developed Countries (LDCs) remains limited (Diaz-Arancibia et al., 2024; Shrestha
et al., 2022; Venkatesh et al., 2012). Therefore, it’s essential to test the UTAUT2
theory within the context of Least Developed Countries (LDCs) like Nepal.

Building upon the identified knowledge gaps, this research examines the effect
of Performance Expectancy, Effort Expectancy, Social Influence, and Facilitating
Conditions - key components of UTAUT - on Attitude and its subsequent effect on
Behavioral Intention to adopt mobile applications for business information. The
research explores the following inquiries:

1. Do Performance Expectancy, Effort Expectancy, Social Influence, and

Facilitating Conditions influence individuals' Attitudes and, subsequently,

their Behavior Intention to use mobile applications for business information?



2. Do Age, Business Experience, and Education moderate the relationship (a)
Performance Expectancy, Effort Expectancy, Social Influence, and Facilitating

Conditions with (b) individuals' Attitudes?

Objectives of the Study

This study will explores how UTAUT constructs (Venkatesh et al., 2003;
Venkatesh et al., 2012) affect the propensity of women-led micro-enterprises to adopt
mobile applications for their business operations. The main objective of the research
is mentioned below:

1. To examine how Performance Expectancy, Effort Expectancy, Social
Influence, and Facilitating Conditions influence individuals' Attitudes
and, in turn, their Behavioral Intention to use mobile applications for

business information.

The specific objective of the study is mentioned below:

2. To examine how Age, Business Experience, and Education Level
moderate the relationship of (a) Performance Expectancy, Effort
Expectancy, Social Influence, and Facilitating Conditions with (b)
individuals' Attitudes towards using mobile applications for business

information.



Significance of the Study

This research holds significant importance for multiple stakeholders,
contributing to the literature and offering practical insights for business and policy
development. First, the results will enrich to the existing body of literature by offering
detailed insights of the determinants affecting mobile application adoption among
women-led micro-enterprises in Nepal. By addressing gaps in the technology
adoption studies, this research provides an extensive comprehension of the
motivations and barriers that women face when adopting mobile applications, thus
paving the way for subsequent research endeavors in this domain.

Second, the findings of this research are also beneficial for business
applications. By providing insights into the determinants that drive or impede the
uptake of mobile applications, the study can assist businesses in making well-
informed decisions regarding mobile application development and enhance customer
engagement and satisfaction.

Moreover, the insights generated from this research can act as an essential
reference for policymakers. Understanding the concerns and behaviors of women
micro-entrepreneurs regarding mobile application usage enables policymakers to
develop informed and effective policies that promote safe and efficient adoption.
These policies can foster an inclusive digital economy that empowers female
entrepreneurs, ultimately fostering economic development and gender equity in the
region.

In summary, this research not only enhances theoretical insight but also offers

actionable insights for businesses and policymakers, facilitating the advancement of



mobile technology adoption among women micro-enterprises and enhancing their role

in the digital economy.

Organization of the Report

This report is structured into five distinct chapters as outlined below:

Chapter One - Introduction: This chapter presents the research background,
articulates statement of the problem, and outlines the research inquiry, objectives,
significance, and overall structure of the dissertation.

Chapter Two - Literature Review: This chapter presents a synthesis of key
findings from prior research, categorized under various topics and studies. It also
develops the conceptual framework, identifying the relationships among the
dependent and independent constructs.

Chapter Three - Research Methodology: This chapter elaborates on the
research methodology utilized in the study, encompassing the research design, unit of
analysis, sampling strategies, methods for data collection, instrumentation, and
techniques for data analysis.

Chapter Four - Results: This chapter presents and interprets the findings
derived from the analysis of data, including descriptive statistics, the measurement
models, structural models, and key results.

Chapter Five - Summary, Discussion, and Implications: This chapter
synthesizes the research findings along with the implications, and offers a critique of

the research, along with recommendations.
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CHAPTER 1I

LITERATURE REVIEW

This chapter undertakes a comprehensive analysis of extant articles to
investigate the influence of the UTAUT constructs on behavioral intention. The
chapter incorporates relevant theories associated with both the UTAUT model
(Venkatesh et al., 2003) and its subsequent iteration, UTAUT2 (Venkatesh et al.,
2012). By synthesizing these theoretical foundations with a critical examination of

prior research, a conceptual framework is proposed.

Women Enterprises and Adoption of Mobile Applications

Women possess immense entrepreneurial and leadership potential, particularly
in the largely untapped technology sector. Digital tools enable them to start businesses
from home and design flexible work schedules (Scuotto et al., 2019). Women
enterprises can serve as role models, serve a benchmark and offer essential guidance,
imparting insights to aspiring enterprises (Shukla et al., 2020). The invention of new
technology has led to a significant transformation in the field of women's
entrepreneurship (Shukla et al., 2020).

Adopting mobile applications allows female enterprises to boost their revenue,
enhance customer loyalty, expand business networks, enhance visibility, and promote
products to a wider groups (Abed, 2021). These applications enable women to
research, market, and develop their brands, reaching different audiences (Sathye et al.,

2014). They offer a simple and economical option for female enterprises to develop
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extensive business networks, reach prospective customers, gather market data,
establish consumer trust, and collect customer feedback (Lingyan et al., 2021).

A research carried out by Suseno and Abbott (2021) found that the adoption of
technology generates opportunities for female entrepreneurs, enabling them to prevail
over various business challenges. However, enterprises sometimes encounter difficult
challenges include limited availability of financial resources and a shortage of
technologically proficient employees. (Hassan et al., 2011). In addition, female
enterprises face barriers encompass insufficient skills, prevailing gender stereotypes,
exclusion in digital space, and other related challenges (Mariscal et al., 2019; Orkoh
& Viviers, 2021; Ojo & Sejone, 2022).

While technology provides numerous opportunities and advantages, it also
presents challenges that need to be addressed. Understanding and mitigating these
challenges is crucial for enabling more women to successfully adopt digital
technologies. Therefore, it becomes essential to explore the factors that enable mobile
application adoption among women micro-enterprises. Businesses that successfully
integrate digital technologies gain advantages such as improved customer
experiences, heightened operational efficiency, reduced costs, accelerated growth, and
strengthened competitive positioning (Bellakhal & Mouelhi, 2020; Ciurea et al., 2021;

Opute et al., 2020; Pfister & Lehman, 2021).

Micro-Enterprises

Micro-enterprises hold a crucial position, globally, as they provide vital

income-earning opportunities and generate employment in economies around the

world (Endris & Kassegn, 2022; Guci & Ghazali, 2019; Tumiwa & Nagy, 2021).
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They are essential to the economic development of least-developed countries like
Nepal, where they drive job creation, enhance the growth of GDP, and boost exports,
playing a key part in overall economic progress (Khatri et al., 2023; UN, 2020).
Micro-enterprises are key to addressing some of the fundamental challenges in LDCs,
including unemployment, poverty, and underdevelopment, while driving inclusive
and sustainable economic growth. Micro enterprises' adoption of digital technologies
is shaped by determinants like alignment with existing systems, company size,
financial capital, and governmental assistance, perceived ease of use, ICT
infrastructure, security concerns, and perceived usefulness, highlighting the need for
assistance customized to their level of digital maturity, along with access to essential
resources such as financial capital and skilled labor (Mametja et al., 2023). Women-
owned microenterprises are under pressure to adopt digital technologies to stay
competitive but face challenges such as insufficient skills, gender biases, and barriers
to digital inclusion (Ojo & Segone, 2022; Orkoh & Viviers, 2021).

According to the Nepalese Industrial Enterprise Act 2076 (2020) a micro-
enterprise is defined as a business in which the entrepreneur is actively engaged in its
operation and management. Cottage enterprises, which fall under the category of
micro-enterprises, are distinguished by having a workforce that includes no more than
nine individuals, including the owner. The invested capital investment, excluding land
and buildings, is capped at two million rupees in capital, and the yearly revenue does
not exceed ten million rupees. These businesses typically depend on conventional
capabilities and technologies, focusing on specialized expertise, locally sourced
materials, craftsmanship, and cultural elements, and are typically characterized by

high labor requirements. Nepalese micro-entrepreneurs operate businesses across
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various sectors, including agriculture, forestry, skilled trades, manufacturing, services,

trade, tourism, and other types of enterprises (Karki, 2017).

Business Information

Mobile applications have emerged as essential tools for women entrepreneurs,
offering convenient and cost-effective access to crucial business information. These
applications enable women to build extensive business networks, reach potential
customers, and gather valuable market intelligence. In addition to facilitating access
to market research and industry trends, mobile apps assist in managing business
reputation and fostering customer trust, both of which are vital for long-term business
sustainability.

The study has shown that social influence as well as effort expectancy plays a
crucial part in shaping the behavioral intention of women entrepreneurs to use mobile
applications (Abed, 2021). The adoption of these technologies enhances business
operations by improving decision-making capabilities, expanding professional
networks, and fostering long-term growth and competitiveness (Kapinga et al., 2016).
Consequently, mobile applications have become indispensable in providing women
entrepreneurs with an accessible platform to strengthen their businesses and navigate

the competitive market environment effectively.
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Theoretical Review

Unified Theory of Acceptance and Use of Technology (UTAUT)

The Unified Theory of Acceptance and Use of Technology (UTAUT), devised
by Venkatesh et al. (2003) is a widely recognized theory for understanding
technology utilization. It synthesizes eight significant technology adoption theories:
the Theory of Reasoned Action (TRA), the Theory of Planned Behavior (TPB), the
Motivational Model (MM), the Technology Acceptance Model (TAM), the TAM-
TPB Integration Model, the Model of Personal Computer Utilization (MPCU), the
Social Cognitive Theory (SCT), and the Diffusion of Innovation Theory (DIT). By
incorporating key elements from these theories, UTAUT provides a comprehensive
framework that identifies four primary factors of behavioral intention to adopt the
technology. Performance Expectancy refers to the belief that utilizing a particular
technology will improve individual’s performance. Effort Expectancy refers to the
ease of use, learning and using the technology. Social Influence refers to the belief
that highlights one's expectations to utilize the technology. Facilitating Conditions,
refers to the belief that sufficient resources and support are accessible to utilize the
technology efficiently.

The UTAUT model asserts that four major variables directly affect behavioral
intention, influencing technology usage. Additionally, Venkatesh et al. (2003)
examined the importance of Anxiety, originating from Social Cognitive Theory
(SCT), a fundamental framework underpinning UTAUT. The model also accounts the
influencing power of age, experience, gender, and voluntariness for the moderating

relationships among these constructs (Venkatesh et al., 2003).



15

UTAUT serves as a robust theoretical model for empirical research to
investigate behavioral intention and technology utilization. UTAUT has proven to be
a valuable tool in examining user behavioral intentions towards technology adoption
(Dutta & Shivani, 2022). Numerous studies have successfully used the UTAUT
model to investigate mobile payment adoption, demonstrating its efficacy (Chen &

Chang, 2013; Shin, 2009, 2010; Wang & Yi, 2012).

Figure 1

Unified Theory of Acceptance and Use of Technology (UTAUT)

Performance
Expectancy

Effort
Expectancy

Behavior

Social

Influence

Facilitating
Conditions

Voluntariness

Gender Age Experience of Use

Note. Adapted from (Venkatesh et al., 2003).

Unified Theory of Acceptance and Use of Technology (UTAUT?2)

UTAUT?2 is an abbreviation for the expanded framework of the Unified

Theory of Acceptance and Use of Technology. Based on the results of Venkatesh et
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al. (2012) the UTAUT?2 identifies four principal determinants - performance
expectancy, effort expectancy, social influence, and facilitating conditions - that are
crucial in forecasting both behavioral intentions to utilize technology as well as actual
technology usage in organizational settings (Mehta & Sinha, 2022).

The UTAUT was expanded into UTAUT?2 to extend its applicability beyond
organizational settings, adding three new fundamental variables: Hedonic Motivation
(a primary determinant in consumer behavior studies), Price Value (a primary
determinant in economic theories), and Habit (a primary determinant in sociological
studies). In this revised model, the theorists eliminated the voluntariness of use from
the moderating factor while retaining performance expectancy, effort expectancy,
facilitating conditions, and social influence.

The UTAUT model integrates the advantages of other technology utilization
theories and explains 70 percentage of the variation in intention, significantly
surpassing the explanatory power of other general technology utilization theories
(Venkatesh et al., 2016). A significant advantage of the UTAUT model is its
integration of all important variables from various technology acceptance models.
Given that research on mobile application adoption is still developing, utilizing a
comprehensive and universal model like UTAUT is valuable for pinpointing the
critical determinants that affect mobile application adoption among the women-led
micro-enterprises of Nepal. It also contributes to the development of a

comprehensive, foundational framework for research on mobile application adoption.
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Unified Theory of Acceptance and Use of Technology (UTAUT?2)
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Note. Adapted from (Venkatesh et al., 2012).

Unified Theory of Acceptance and Use of Technology (UTAUT2) & Attitude

Dwivedi et al. (2019) and Rana et al. (2017) extended the Unified Theory of

Acceptance and Use of Technology 2 (UTAUT2) by integrating the construct of

Attitude to offer a more elucidation for user accepting technology and behavior

towards it. Their studies emphasized the critical role of Attitude in forming user

behavioral intentions and real utilization of the technology. Specifically, Attitude was
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found to partially mediate the effect of key independent constructs of UTAUT model

on Behavioral Intention.

Figure 3
Re-examining the Unified Theory of Acceptance and Use of Technology (UTAUT)
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Note. Adapted from (Dwivedi et al., 2019).

By incorporating Attitude, the explanatory capacity of UTAUT2 is enhanced,
recognizing that users' positive or negative perceptions of technology substantially
affect their propensity to utilize and eventually utilize the technology (Dwivedi et al.,
2019; Rana et al., 2017).

The UTAUT and its expanded model, UTAUT2, provide a robust theoretical
framework for comprehending technology utilization by synthesizing key elements
from various user acceptance theories. The integration of attitude as a mediating
factor in UTAUT2 underscores its significance in shaping user acceptance and
behavior towards technology. Utilizing extended UTAUT2 in research on mobile

application adoption among women-led micro-enterprises in Nepal can provide
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important insights into the key determinants of their technology utilization, thereby

establishing a foundational model for future studies.

Table 1

Development of UTAUT Theory

Theory Authors Independent Constructs Dependent Moderating
Constructs Variables
UTAUT (Venkatesh Performance Expectancy, Behavioral Gender,
etal., 2003) Effort Expectancy, Intention, Age,
Social Influence, Use Experience,
Facilitating Conditions Behavior Voluntariness of Use
UTAUT2 (Venkatesh Performance Expectancy, Behavioral Gender,
etal., 2012) Effort Expectancy, Intention, Age,
Social Influence, Use Experience
Facilitating Conditions, =~ Behavior
Hedonic Motivation,
Price Value,
Habit
Extended (Dwivedi et Performance Expectancy, Attitude,
UTAUT al., 2019; Effort Expectancy, Behavioral
Rana etal., Social Influence, Intention
2017) Facilitating Conditions,

Perceived Risk,

Anxiety

Note. Adapted from (Dwivedi et al., 2019; Rana et al., 2017; Venkatesh et al., 2003;

Venkatesh et al., 2012).
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Hypothesis Development and Theoretical Framework

Performance Expectancy

Performance expectancy represents the initial variable of the study, defined as
“the degree to which technology benefits consumers in performing certain activities”
(Venkatesh et al., 2003). It signifies the perceived utility correlated with the given
technology and denotes the extent to which user perceives for utilizing a specific
technology improves performance. Perceived usefulness as conceptualized by TAM
and other constructs related to usefulness in other models constitute the performance
expectancy variable in the UTAUT model.

Performance expectancy has been shown the most significant determinant of
intention in both the UTAUT and UTAUT2 models (Venkatesh, 2003; Venkatesh et
al., 2012). It significantly influences users' decisions to adopt the researched
technology. Performance expectancy is closely related with the perceived usefulness
construct in TAM that is widely recognized as a leading construct for predicting
technology usage due to its robustness, power, and simplicity (Venkatesh et al.,
2000).

As stated by to Al-Saedi et al. (2020) investigating mobile payment adoption
found that users exhibit a higher propensity to use mobile payment services when they
find them useful. Performance expectancy has been shown to have a substantial
positive influence to the have intention towards adoption mobile applications (Hew et
al., 2015; Sanchez et al., 2019; Venkatesh et al., 2012). It is deemed a primary
determinant of the intention to adopt technology (Venkatesh et al., 2003; Wang et al.,

2003).
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Previous studies have examined this relationship and yielded favorable
outcomes across diverse settings, including mobile applications (Abed, 2021; Malik et
al., 2017), e-commerce technology (Dutta & Shivani, 2022), improving business
performance (Mehta & Sinha, 2022), and mobile learning (Nassuora, 2012). These
findings provide a compelling reason to include performance expectancy in this
study’s research model. Mobile apps offer valuable features and benefits, such as
convenience (Wang & Malthouse, 2015) and benefit-seeking (Oghuma et al., 2015).
If users find that a mobile app is useful, their attitude regarding intention to use it
(Dwivedi et al., 2019).

The review of literature underscores the important role of performance
expectancy in predicting technology utilization, highlighting its strong influence on
users' behavioral intentions. Therefore, performance expectancy a key factor in the
research model for mobile application adoption among women-led micro-enterprises
in Nepal. Drawing upon the above arguments, this research hypothesizes that:

H1: Performance Expectancy positively influences attitude towards the

use of mobile applications.

Effort Expectancy

Effort expectancy is characterized as “the degree of ease associated with
consumers’ use of technology” (Venkatesh et al., 2003). It refers to the extent of
easiness to connect with the use of a system. This construct was initially developed in
the UTAUT model, drawing from earlier technology acceptance models. These earlier

models demonstrated that easiness to use and its complexity (Davis, 1989; Davis et
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al., 1989; Moore & Benbasat, 1991; Thompson et al., 1991) significantly affect
behavioral intention.

The significance of the effort expectancy variable has been demonstrated in
various other technology adoption studies. For instance, Davis et al. (1989) utilized
the construct regarding easiness to use helping to elucidate the information system
adoption. Replications of TAM, as well as models derived from TAM and UTAUT,
offer extensive evidence confirming the significance of effort expectancy as well as
easiness to use in shaping their intention to utilize applications.

Several studies have reported a favorable effect of minimal effort expectancy
towards behavioral intention to utilize the mobile applications (Dwivedi et al., 2019;
Hew et al., 2015; Puriwat & Tripopsakul, 2021; Sanchez et al., 2019). These findings
provide a favorable impact to this study to anticipate that effort expectancy positively
influences attitude to have behavioral intention for mobile application adoption
among women micro-enterprises. Additionally, it is reasonable to infer that when
individuals perceive mobile applications as user-friendly, their intention to utilize
them is significantly heightened. Based on this, the study hypothesizes:

H2: Effort Expectancy positively influences attitude towards the use of

mobile applications.

Social Influence

Social influence is characterized to “the degree to which consumers perceive
that important others (e.g., family and friends) believe they should use a particular
technology” (Venkatesh et al., 2003). It is a widely recognized factor that influences

user’s intention to utilize any technology. Social influence construct was initially
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presented at the UTAUT model (Venkatesh et al., 2003) which was derived from the
TRA model, where referred to Subjective Norms. Social influence involves a
behavior change to align with the norms of specific group.

Previous theoretical research has demonstrated that social influences affects
the purpose for technology adoption. Venkatesh and Davis (2000) extended the TAM
model and used social influence being a key factor of TAM’s perceived usefulness.
Mehta and Sinha (2022) found that women enterprises adopted ICT both to leverage
its advantages observed in competitors and to gain acceptance by adhering to social
norms within their groups.

A study conducted by Abed (2021) reported that social influence becomes an
important factor of the intention to utilize mobile applications. Similarly, according to
Rana et al. (2017) indicates that the social influence holds an equally significant
position in shaping attitudes toward the electronic government systems adoption.
Drawing from the findings of these previous studies, this study posits that social
influence exerts a substantial positive impact on attitude. Thus, the study
hypothesizes:

H3: Social Influence positively influences attitude towards the use of

mobile applications.

Facilitating Conditions

Facilitating Conditions (FC) pertain to individuals perceptions regarding the
availability of resources and necessary support to execute a behavior (Venkatesh et
al., 2003). This variable was initially originated in the PC Utilization model

(Thompson et al., 1991) and subsequently formulated by (Venkatesh et al., 2003) in
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the model termed as UTAUT. FC is termed as “the degree to which an individual
believes that an organizational and technical infrastructure exists to support the use of
the system” (Venkatesh et al., 2003). FC also implies that users’ possess to have the
necessary resources along with knowledge that enable them to utilize technology
(Alwahaishi & Snasel, 2013).

In the initial UTAUT model, FC was proposed and demonstrated to have a
significant positive effect only towards use behavior, not on behavioral intention.
However, some studies have reported different findings. Dutta and Shivani (2022)
found that FC was a strong driver for behavioral intention (BI). Women enterprises
felt encouraged to use technology when they possessed the necessary knowledge and
resources. FC has been found to affect women's ability and willingness to adopt and
utilize new technologies (Malik et al., 2017). Lai (2013) posited a substantial positive
influence of FC on Bl in a study on application-based mobile tour guides.

Although FC had a positive effect on BI, it’s noted that, in terms of
significance, FC was the least impactful factor influencing BI. Abed (2021) found that
FC did not exert a significant impact on BI for the utilization of mobile applications
by women enterprises. Similarly, Okumus et al. (2018) found no significant impact of
FC on BI in their study on the adoption of smartphone diet apps among restaurant
customers.

This study argues that in a least-developed country like Nepal, which suffers
from a lack of digital infrastructure and low levels of digital skills and knowledge
among women enterprises in rural areas, FC may positively impact attitude towards
their plan to utilize mobile applications. Hence, this study hypothesizes:

H4: Facilitating Conditions positively influences attitude towards the use

of mobile applications.



25

Attitude

Attitude is refers to user’s evaluative response, whether positive or negative,
while engaging in a specific behavior (Ajzen & Fishbein, 1980). Ajzen (1991)
elaborates on this by defining attitude as a learned tendency to respond consistently in
suitable or unsuitable manner towards a particular event. Within the framework of
attitude theory, a client’s utilization of a products or services is substantially affected
by their overall positive or negative perceptions. Davis (1989) argues the successful
integration of technology is predominantly influenced by consumer attitudes, which
are shaped by the perceived simplicity or complexity of using the technology.
Furthermore, Mort and Drennan (2005) highlight that the adoption of technology-
related products, such as the internet and mobile phones, is heavily influenced by
consumer attitudes.

Recent study has extensively investigated the relationship between attitude
and the intention to utilize mobile applications. Zhang and Zhou (2024) employed an
approach called mixed-method to explore the acceptance of mobile applications
within university students’ designed for intercultural competence development. This
study revealed that the perception of ease of use and usefulness were associated with
attitudes of students along with their behavioral intentions to use these apps. Prior
studies have suggested that the correlation among behavioral intentions along actual
use behavior may not always be robust or consistent. (Weerakkody et al., 2013),
underscoring the pivotal role of attitude in influencing usage behavior. Moreover,
findings from Dwivedi et al. (2019) demonstrated that the inclusion of attitude
significantly improves the ability of theoretical models to explain phenomena to

explain usage behavior. Within the domain of public sector and electronic
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governance, mobile user adoptions, several studies (Hung et al., 2013; Lu et al., 2010;
Rana et al., 2015) have found a strong association among attitude and behavioral
intention, highlighting attitude as a key determinant in predicting and understanding
behavioral intentions. Drawing from the findings of prior research, this study posits
that attitude exerts a positive influence on behavior. Thus, the study hypothesizes:

HS: Attitude positively influences the intention to use mobile applications.

Behavioral Intention

Behavioral intention signifies an individual’s attitude or the perceived
likelihood that they engage in a particular action (Venkatesh et al., 2003; Venkatesh et
al., 20012). In the UTAUT model, it is considered a key determinant of technology
usage. Factors like performance expectancy, effort expectancy, social influence), and

facilitating conditions influence behavioral intention.

Moderating Effect of Age, Business Experience and Education Level

Previous studies have indicated that age as well as gender are the key
demographic constructs influencing the relationship within individual’s perceptions
towards technology and intention to use (Tarhini et al., 2014; Venkatesh et al., 2003).
Additionally, effort expectancy may vary, with younger users finding it easier to
navigate new technologies than older ones, who might face more significant learning
curves (Venkatesh, Thong, & Xu, 2012). Social influence could also be more

impactful among younger women in micro-enterprises, who are generally more
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influenced by their peers compared to older women who might rely more on
traditional business practices (Magsamen-Conrad et al., 2015).

Those with extensive business experience may have a well-established way of
operating and could perceive the facilitating conditions provided by mobile
applications differently compared to less experienced entrepreneurs (Thong et al.,
2002). Experienced business owners might also experience higher technology anxiety
due to the potential disruptions that new technologies can bring to their established
routines, whereas less experienced entrepreneurs might embrace new technologies
more readily as they are still in the process of developing their business practices.

Education level is another critical factor influencing technology adoption.
Higher educational attainment can lead to better comprehension and quicker
adaptation to new technologies, thereby affecting performance and effort expectancy
(Rai, Lang, & Welker, 2002). Educated women micro-enterprises may find it easier to
understand and integrate mobile applications into their business operations, reducing
effort expectancy and possibly technology anxiety. Moreover, education can enhance
the ability to leverage social networks, thus amplifying the impact of social influence
on technology adoption. Therefore, the study hypothesizes:

H6: Age, business experience, and education level moderates the

relationship of performance expectancy, effort expectancy, social

influence, and facilitating conditions with attitude towards use of mobile

applications.

Conceptual Framework
Drawing from the theoretical background established by the above literature

conceptual framework has been developed. Expanding upon the Unified Theory of
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Acceptance and Use of Technology, the proposed framework investigates the
determinants affecting women-led micro-enterprises' intentions to utilize mobile
applications for business activities. It integrates the fundamental UTAUT elements
such as performance expectancy along with effort expectancy stemming from
perceived usefulness and ease of use, while also incorporating social influences along
with facilitating conditions. Additionally, constructs such as age, business experience,
and educational level are considered as moderating factors that influence the

relationships between these constructs.

Figure 4

Proposed Conceptual Framework

Independent variables Dependent variable

Performance Expectancy

Effort Expectancy

Attitude Behavioral Intention ]

Social Influence

Facilitating Conditions

Age

Business Experience Moderating variable

Education Level

Note. Source Venkatesh et al., (2003) further modified by Rana et al., (2017) and
Dwivedi et al., (2019).
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CHAPTER 1II

RESEARCH METHODOLOGY

This chapter highlights the study design and specifies the instruments used in
the study. Additionally, it offers a comprehensive explanation of the research process
applied to examine the factors affecting the intention to utilize mobile applications
among women-led micro-enterprises for business information. This includes the

questionnaire administration, the procedure for collecting data and analysis strategy.

Research Design

The objective of this study was both descriptive and inferential, aiming to
perceive the general characteristics of the sample. A quantitative approach was
adopted, which provided an approximate indication of the constructs and their
interrelationships (Bell et al., 2022). The research employed a cross-sectional design,
with data collected at a specific point in time. Responses were gathered using an
enumerator-administered questionnaire technique. The study was carried out in a
natural setting, meaning no field or laboratory experiments were involved, and the
researcher’s interference was minimal (Bougie & Sekaran, 2019). The study’s unit of
analysis was individual female who leads micro-enterprises and uses mobile

applications.
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Population and Sampling

The intended population for this research comprised individual female who
leads micro-enterprises and utilizes various forms of digital technology for their
business activities. Due to the lack of an available sampling frame for women-led
micro-enterprises, a non-probability sampling technique was employed. Respondents
were required to fulfill specific criteria, such as being already familiar with mobile
technologies and related applications, to consider in the research (Bougie & Sekaran,
2019).

The population for the research comprised women who leads micro-
enterprises in the Kathmandu Valley engaged in diverse types of micro-enterprises.
This study targeted female micro-enterprises operating in various sectors across the
valley, including Trade (Buy & Sell), Manufacturing/Production (Goods & Sell),
Service (In-kind Service and Sell), and others. Given the emphasis on mobile
application usage, the population was defined as women who had access to mobile
technology, either through ownership or regular use, also based on their knowledge.

The women-led micro-entrepreneurs represented a diverse range of
educational levels, business experiences, and ages, which were critical for
investigating the moderating effect of these determinants in the research. This
population was ideal for exploring how mobile applications influenced business
practices and provided critical information that could enhance their economic success.

A purposive sampling method was used to select sample under the non-
probability sampling approach to ensure that the women-led micro-entrepreneurs
included met predefined criteria pertinent to the study’s objectives. The following

criteria guided the selection: Gender — only women micro-entrepreneurs were
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selected. Micro-Enterprise Type — the sample included women from the four types of
micro-enterprises mentioned: Trade, Manufacturing/Production, Service, and Others.
Entrepreneurs from different areas within the Kathmandu Valley were included to
capture a variety of socioeconomic conditions and business environments. All
participants had access to and experience with mobile phones or devices capable of
using business-related applications. However, purposive sampling does limit the use
of certain inferential statistical tools because it does not rely on random selection. In
contrast, purposive sampling allows to targeting of specific enterprises that are most
relevant to the study, ensuring that the data collected is highly specific and relevant to
the research question. By selecting respondents with specific knowledge or
experience, the study gains deeper insights and more detailed information that might
not be available through random sampling.

Given the unknown population size, the required sample size was calculated
using the formula outlined by Cochran (1977):

n=2°x p(1-p)/e?

This formula incorporated several parameters: n denoted the sample size, p
represented the expected proportion of the study variable (estimated at 50% based on
previous research and pilot studies, with data collected via an app administered by an
enumerator), e was the error margin (set at 5%), and Z was the Z-score corresponding
to a standard normal distribution for a given significance level /2. For a 5%
significance level, the Z-score was 1.96. Using these values, the calculated sample
size was 385. However, as posited by Hair et al. (2017, 2021) the required sample size
should exceed ten times the number of items utilized to capture the latent variable.

Since the questionnaire in this study includes 22 items, the sample should be 220.
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Given the emphasis on mobile application usage, access to mobile technology
- either through ownership or regular use, and the capability to use business-related
applications, women leading micro-enterprises were approached for data collection.
The primary data for this research were gathered from 409 women who leads micro-
enterprises within the Kathmandu Valley, and met above specific criteria for
purposive sampling. Questionnaires were administered by using a data collection app
with the assistance of enumerators. The questionnaires were administered to the
women who lead these micro-enterprises, with one respondent per enterprise.

After cleaning the data and removing incomplete or missing information from
18 samples, a final sample of 391 was used for the analysis. Of these 391 sampled
enterprises, 67.5% (i.e., 264 enterprises) are registered, while 32.5% (i.e., 127
enterprises) are not registered. Even though they are not registered, these women were
exposed to mobile applications for business information.

Table 2 highlights the demographic analysis of the sample population,
focusing on age, educational level, and business experience. The information reveals a
balanced age distribution, predominantly in the 31-35 and above 40 age categories,
each comprising 25.6% of the participants, followed closely by the age group of 36-
40 at 24.8%. Educationally, the majority of participants hold secondary (SEE/SLC) or
lower qualifications (37.6%), with a significant portion also having intermediate (+2
or equivalent) (34.3%) and bachelor’s degrees (24.0%). This diverse demographic
composition provides a robust foundation for analyzing the study's outcomes. In terms
of business experience, the majority (62.4%) had five or fewer years of experience,
indicating a relatively young entrepreneurial community, while a smaller fraction had
an experiences of 10 years and more, and only 0.5% possessed an experiences of 25

years and more. The average duration of operation for these enterprises was 5.97
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years. The number of employees in these enterprises spanning from 1 to 8, with an
average of 2.28 employees. These findings suggest that this cohort of enterprises is
generally young or middle-aged, moderately educated, and relatively new to the

business field.

Table 2
Demographic Characteristics of the Respondents (N=391)

Characteristics Factors Frequency Percent

Age Below 20 Years 4 1.0
21-25 Years 25 6.4
26-30 Years 65 16.6
31-35 Years 100 25.6
36-40 Years 97 248
Above 40 Years 100 25.6

Educational Level Secondary (SEE / SLC) or Lower 147 37.6
Intermediate (+2 or Equivalent) 134 343
Bachelor 94 24.0
Master 13 33
Above Master 3 0.8

Business Experiences Up to 5 Years 244 62.4
6-10 Years 89 22.8
11-15 Years 30 7.7
16-20 Years 16 4.1
21-25 Years 10 26
Above 25 Years 2 0.5

Note. Based on author’s calculations from the collected primary data.
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Measures

Data collection was conducted using questionnaires administered by
enumerators. The study employed instruments that had been previously developed,
tested, and validated to measure various constructs. These instruments had been
utilized in multiple studies and demonstrated both validity and reliability. The 5-point
Likert scale (ranges from 5 to 1; strongly agree to strongly disagree) was used to

record the responses from the participants.

Performance Expectancy

Performance expectancy, a behavioral variable from the UTAUT model, was a
key factor in comprehending user’s behavior in this study. As stated by Venkatesh et
al. (2003) performance expectancy denotes the degree to which individual perceives
that utilizing a system improves their performance. This variable was adopted by
numerous research (Abbad, 2021; Abed, 2021; Al-Qeisi et al., 2015; Al-Saedi et al.,
2020; Al-Shahrani, 2016; Venkatesh et al., 2012). Reliability analyses of this
construct in previous research have yielded Cronbach's alpha coefficients was varied
between 0.639 and 0.901. As proposed by Venkatesh et al. (2012) this study utilized a

modified 3-item scale representing performance expectancy.

Effort Expectancy

Effort expectancy referred to the noted simplicity and easy on utilizing a

system. This concept was encapsulated by constructs from existing models,

specifically the Technology Acceptance Model (TAM) with its extension, TAM2. As
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outlined by Venkatesh et al. (2003) the variables included perceived easiness while
using the system and its complexity, This construct had been incorporated in
numerous studies (Abbad, 2021; Abed, 2021; Al-Qeisi et al., 2015; Al-Saedi et al.,
2020; Al-Shahrani, 2016; Venkatesh et al., 2012). Reliability analyses in prior
research has indicated Cronbach's alpha values ranged from 0.776 to 0.894.
Consequently, a modified 4-item scale derived from Venkatesh et al. (2012) was

employed to assess effort expectancy in this study.

Social Influence

As stated by Venkatesh et al. (2003) social influence is outlines as the extent
to which user perceives that significant others think they should utilize the system.
This concept was incorporated into numerous studies (Abbad, 2021; Abed, 2021; Al-
Qeisi et al., 2015; Al-Saedi et al., 2020; Al-Shahrani, 2016; Part et al, 2019;
Venkatesh et al., 2012). Previous research reported Cronbach's alpha coefficient for
this variable ranged from 0.641 to 0.93, demonstrating its reliability. Consequently, a
modified 3-item scale was derived from Venkatesh et al. (2012) to measure social

influence in this research.

Facilitating Conditions

Venkatesh et al. (2003) conceptualized facilitating conditions refers to the
extent to which an individual perceives the availability of resources and support for
system utilization. This construct was utilized in several studies (Abbad, 2021; Abed,

2021; Al-Qeisi et al., 2015; Venkatesh et al., 2012). Reliability analyses in prior
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studies reported Cronbach's alpha coefficient ranging from 0.697 to 0.741, indicating
consistent reliability. Consequently, a modified 4-item scale according to Venkatesh

et al. (2012) was employed to measure facilitating conditions.

Attitude

This construct was applied in various studies (Hung et al., 2009, 2013; Lu et
al., 2010; Rana et al., 2015). Prior research (Dwivedi et al., 2017, 2019; Rana et al.,
2017) demonstrated Cronbach's alpha value in among 0.793 and 0.891 for this
construct, suggesting high reliability. Previous studies found that attitude was
significant factor in shaping behavioral intentions to use apps and smartphones.
Consequently, a slightly modified 4-item scale derived from Dwivedi et al. (2017)

was utilized to assess attitude in this study.

Behavioral Intention

In alignment with the foundational theory behind intention models like TAM,
TAM2, UTAUT, and UTAUT2, behavioral intention was defined as the extent to
which individuals perceive the usefulness of technology for future use (Venkatesh et
al., 2012). This variable has been widely utilized in previous studies (Abbad, 2021;
Abed, 2021; Al-Qeisi et al., 2015; Al-Saedi et al., 2020; Al-Shahrani, 2016; Part et al.,
2019; Venkatesh & Bala, 2008; Venkatesh et al., 2003, 2012). Previous research
reported Cronbach's alpha value for this variable was in between 0.888 and 0.97,
indicating high reliability. Thus, a slightly modified 3-item scale based on Venkatesh

et al. (2012) was used to assess behavioral intention in this study.
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Research Procedure

This section provides an overview of methodologies used in this study,
includes the pilot test, the questionnaire administration process, data collection, data

capture, and data analysis techniques.

Data Collection Procedure

The data collection procedure included pilot testing, administration of the
questionnaire, and the data gathering process. The questionnaire was structured into
three distinct sections: Section I covered Technology and Business Information,
Section 11 focused on Technological Perception, and Section III gathered
Demographic Information. To facilitate the process for both enumerators and
respondents, the questionnaire was translated into Nepali. It was then converted into
an application using Google Appsheet for ease of data collection.

Before full administration, a pilot test was performed with 34 respondents to
assess the questionnaire's clarity and completion time. In response to the feedback
gathered, the questionnaire was revised to accurately reflect the construct while
preserving the essence of the original items, and subsequently updated in the
application. Enumerators reached out to respondents who were utilizing mobile
applications for their business activities.

This study rigorously followed ethical guidelines to maintain social and ethical
integrity. Study participants were provided with informed regarding the study’s
objectives, procedures, benefits, and risks. They were also assured of their voluntary

participation and ability to withdraw from the study at any time for any reason.
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Assurances regarding the confidentiality of their data were provided. Participants
were not compelled to disclose any information, and after getting informed consent,
the data collection was commenced. The confidentiality of all participants was fully
protected throughout the study.

Over 50% of the approached respondents who met the study's criteria
consented to take part in the survey. The locations from where data was collected
from various regions across the Kathmandu Valley is illustrated in Figure 5. Data
were collected using the developed app, which also recorded the latitude and
longitude of each data point. The data collection process was facilitated by

enumerators through the mobile application.

Table 3

Data Collection

Description Nos.
Pilot testing 34
Total completed questionnaires 409
Missing and inappropriate information 18
Total usable response 391

Note. Based on author’s calculations from the collected primary data.

All responses received through the app were screened for missing data. After
screening, the data from each individual response were imported into SPSS using

appropriate coding.
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Figure §

Data Points on Google Map

Note. Interpolation of latitude and longitude from the collected primary data of the

enterprises on the Google Maps.

Reliability and Validity

Ensuring the quality of measurements required establishing reliability and
validity. Following Hair et al. (2021) the validity and reliability of the measurement
model were assessed using PLS-SEM. As posited by Sarstedt et al. (2021) three key
criteria were employed in this research: reliability analysis, convergent as well as
discriminant validity. According to Pallant (2020) a Cronbach’s alpha value should
exceed 0.60. Furthermore, to confirm item reliability, the composite reliability for

each variable was needed to be exceed 0.7 (Nunnally & Bernstein, 1994).



40

Convergent validity, as posited by Hair et al. (2014) refers to the extent to
which indicators within a similar group align together. The factor loadings as well as
the average variance extracted was considered while evaluating the convergent
validity of the constructs. The validity of outer model was confirmed when factor
loadings exceeded 0.7, and the AVE was greater than 0.50.

The two approaches was used to assess discriminant validity by applying the
criteria established by Fornell and Larcker (1981) as well as the Heterotrait-Monotrait
(HTMT) ratio. The validity was confirmed when the correlations between items of
different values for the constructs were smaller than the square root of the average
variance extracted within the same variable. Additionally, an HTMT ratio falling
under 0.90 confirmed satisfactory discriminant validity (Henseler et al., 2015).

Further the structural model was analyzed using PLS-SEM in SmartPLS4 after
evaluating the measurement model. This assessment was employed to test the

proposed hypotheses.

Structural Model

The structural model depicted the associations among the latent variables
using path coefficients, encompassing both lower-order as well as higher-order
constructs. As suggested by Hair et al. (2019) the higher-order variables are more
general and abstract, evaluated through multiple dimensions.

Before testing the direct effects, this study first examined variance inflation
factor to assess the assumptions of multicollinearity. Direct hypotheses were then
tested using a significance level of 5%. Subsequently, the results were evaluated with

bias-corrected confidence intervals and bootstrapping (MacKinnon et al., 2004;
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Preacher & Hayes, 2008). Finally, path analysis was conducted to determine the P-

value.

Common Method Bias

This study employed enumerator-administered surveys and common
measures, such as the Likert scale, for data collection, which could potentially
introduce common method bias. To mitigate the issue, a full collinearity test was
performed, recognized as one of the most reliable methods for detecting common
method bias (Kock, 2015). Additionally, procedural remedies, including maintaining
respondent anonymity, were applied during data collection to further reduce potential
bias. These measures were essential for ensuring reliability and the validity of the

results.

Table 4
Collinearity Statistics (VIF)

VIF
PE -> ATT 1.5012
EE - > ATT 2.1443
SI->ATT 1.1863
FC->ATT 1.7281
ATT ->BI 1.0000

Note: Based on author’s calculations from the collected primary data. PE -
Performance Expectancy, EE - Effort Expectancy, SI - Social Influence, FC -

Facilitating Conditions, ATT - Attitude, BI - Behavioral Intention,



Common method bias (CMB) in PLS-SEM refers to measurement error
arising from the data collection method rather than the actual constructs being
measured, which can distort relationships between latent variables and lead to
inaccurate findings.

To detect and address CMB in this study, the full collinearity assessment
approach was employed, involving the examination of variance inflation factors
(VIFs). The VIF values for the inner model remained below the threshold of 3.33,
suggesting that CMB is not present as depicted in Table 4. This confirms that the
absence of common method bias in the model, which will enhance structural model
and it’s the validity as well as reliability of the by mitigating potential biases

introduced by the measurement method (Kock, 2015, 2017).
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CHAPTER IV

RESULTS

This chapter outlines the study's findings and interpretations, utilizing both
descriptive and inferential analyses to evaluate the proposed hypotheses. The chapter
first details the presentation of the descriptive analysis, then by a summary of the
statistical data concerning the study variables. The internal consistency was observed
by assessing the reliability of the instruments used. Followed by the reliability of the
reliability assessment the measurement was performed where the model demonstrates
the relationships with all latent variables and their respective items. Finally by using
structural model the hypothesis testing was performed. The study employed SPSS

25.0 and SmartPLS 4 software for conducting data analysis.

Descriptive Analysis

Table 5 provides a detailed overview of internet sources and smartphone
usage, indicating that the majority of respondents (54.0%) access the internet
primarily from their homes, while a smaller proportion (13.6%) rely on mobile data.
Smartphones are primarily used for facilitating payments (90.5%), ordering products
(59.1%), and accessing market information (53.7%). Less frequent uses include
obtaining enterprise-related information (19.4%) and communicating with other
businesses (22.8%). The results highlight the critical importance of smartphones in
facilitating business operations, particularly in payment facilitation, highlighting the

growing importance of mobile technology in contemporary business practices.
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Table §
Technical Descriptions (N=391)

Characteristics Factors Frequency Percent
Primary Source of Own House 211 54.0
Internet House Owners 84 21.5

Neighbors House 53 13.6
Using Data 43 11.0
Purpose of Using ~ Market Information 181 537
Smartphones Order Products 231 59.1
Facilitate Payments 354 90.5
Information Related to Enterprise 76 19.4
Communication with Other Business 89 22.8

Note. Based on author’s calculations from the collected primary data.

The Table 6 provides a comprehensive overview of the registration status,
legal forms, and ownership characteristics of enterprises. It reveals that 67.5% of
enterprises are registered, with the majority registered at the Municipality (22.5%)
and PAN and VAT (22.9%) offices and 32.5% of them are not registered. The
predominant legal form is Sole Proprietorship (54.5%), followed by Partnership
(5.4%) and Company Limited (3%). Ownership is primarily by the individual
themselves (22.8%) or their husbands (22.8%). The most common types of enterprises
are in the Trade (Buy and Sell) (60.4%) followed by the Service sector (23.5%), and
Manufacturing/Production (13%). This data highlights the significant role of
individual and family ownership in small enterprises and the diverse nature of

business activities.
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Enterprise Information (N=391)
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Characteristics Factors Frequency Percent
Registration of  Yes 264 67.5
Enterprise No 127 325
Registered at Ward Office 87 223

Municipality 66 16.9
PAN and VAT 89 22.8
Company Registrat's office 9 23
Cottage and Small Industry Office 13 3.3
Legal Form of  Sole Proprietorship 368 94.1
Enterprise Partnership 21 54
Company Limited 2 0.5
Owner of the Myself 129 33.0
Enterprise Husband 89 22.8
Son / Daughter 9 23
Parents / In-laws 11 2.8
Other Person 26 6.6
Enterprise Types Trade (Buy and Sell) 236 60.4
Manufacturing/Production (Goods and Sell) 51 13.0
Service (In-kind Service and sell) 92 235
Others 12 3.1

Note. Based on author’s calculations from the collected primary data.
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The Table 7 presents descriptive statistics for all variables: Performance

Expectancy, Effort Expectancy, Social Influence, Facilitating Condition, Attitude, and

Behavioral Intention, each with 391 observations.

Table 7

Descriptive Statistics of Study Variables

Std. Deviation

Variables N  Minimum Maximum Mean
Performance Expectancy 391 2 5.0 4.026
Effort Expectancy 391 I 5.0 3.825
Social Influence 391 2 5.0 3.905
Facilitating Condition 391 2 5.0 3.893
Attitude 391 1 5.0 3.966
Behavioral Intention 391 2 5.0 4.247

0.653

0.612

0.624

0.507

0.541

0.569

Note. Based on author’s calculations from the collected primary data.

The mean values, between 3.825 and 4.247, reflect overall favorable responses

within measured variables. Standard deviations vary between 0.507 and 0.653,

suggesting moderate variability in participants’ responses. The minimum and

maximum values for all variables span from 1 to 5, reflecting the full usage of the

scale used in the research.
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Measurement Model

The measurement model's quality was assessed by examining its reliability
and validity. As posited by Ringle et al. (2015) the study applied three key criteria:
reliability analysis, convergent and discriminant validity. Convergent and
discriminant validity were assessed to evaluate the measurement model's validity.
Reliability was assessed through composite reliability. Following Hair et al. (2019)
PLS-SEM data analysis begins with evaluating the latent constructs (outer model)
using item reliability, discriminant validity (evaluated through HTMT, Fornell-
Larcker criterion), internal consistency as well as convergent validity (Average
Variance Extracted). Once the outer model is validated, inner model analysis was

performed.

Construct Reliability and Validity

Items reliability was assessed through outer loadings. In reflective
measurement models, outer loadings represent the power of the relationship among an
individual indicator and its associated latent variables. Hair et al. (2017) suggest that
indicators should generally exhibit outer loading greater than of 0.70. However,
values ranging from 0.40 to 0.70 may be deemed acceptable, provided the construct
demonstrates satisfactory composite reliability as well as average variance extracted.

Figure 6 illustrates the outer loadings of individual items and the beta values
of the constructs. The outer loadings for items FC1, FC3, and FC5 were found to be

relatively low, at 0.646, 0.433, and 0.616, respectively, which caused Cronbach’s
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alpha values along with the Average Variance Extracted values to fall below the

acceptable thresholds, with values of 0.648 and 0.408, respectively.

Figure 6

Beta Value and Outer Loadings
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Note. Based on the output generated by SmartPLS 4 (Ringle et al., 2024) on

measurement model from the collected primary data.

Consequently, after removing items FC3 and FCS5, the outer loadings of the
remaining items of the variable Facilitating Conditions (FC) improved, exceeding the
required thresholds. This adjustment also increased the composite reliability as well as

AVE, as depicted in Table 8.
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Reliability indicates a scale's capacity to generate consistent results. This study

reliability was evaluated through the use of composite reliability (CR) and Cronbach's

alpha (CA), both with a cut-off value of 0.7. As shown in Table 7, the coefficients for

Composite Reliability as well as Cronbach's Alpha were under the permissible limit

of 0.70, confirming the model's reliability (Ringle et al., 2018). Therefore, the results

indicate strong internal consistency (Hair Jr et al., 2021).

Table 8

Reliability and Validity of Constructs

Constructs Indicators ~ Outer loadings CA CR AVE
Performance Expectancy PE1 0.791 0.772  0.867 0.686
PE2 0.868
PE3 0.824
Effort Expectancy EE1 0.714 0.812 0.877 0.641
EE2 0.828
EE3 0.852
EE4 0.803
Social Influence SI1 0.858 0.803 0.883 0.716
SI2 0.850
SI3 0.830
Facilitating Conditions FC1 0.712 0.634 0.802 0.577
FC2 0.838
FC4 0.722
Attitude ATTI1 0.705 0.768 0.852 0.591
ATT2 0.817
ATT3 0.809
ATT4 0.739
Behavioral Intention BI1 0.892 0.869 0.920 0.792
BI2 0.897
BI3 0.882

Note. Based on author’s calculations from the collected primary data.
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Discriminant Validity

Discriminant validity measures how well a construct and its indicators differ
from those of other constructs (Bagozzi et al., 1991). It is tested using methods such
as the Fornell-Larcker criterion, Heterotrait-Monotrait Ratio (HTMT), and Cross
Loading Techniques. Fornell and Larcker’s (1981) states that the square root of a
variable's Average Variance Extracted must be higher than its correlation with other
variables. HTMT ensures that correlations between constructs are below 0.85
(Henseler et al., 2015), and the loading of an item on its respective construct should
be greater than 0.70 (Chin, 1998). As all these criteria were met, the model confirms

discriminant validity.

Table 9

Discriminant Validity (Fornell-Larcker Criterion)

Constructs AVE  ATT BI EE FC PE S1
ATT 0.591 0.769

BI 0.792 0.674 0.890

EE 0.641 0470 0.399 0.801

FC 0.577 0473 0.402 0.645 0.759

PE 0.686 0553 0416 0.558 0412 0.828

SI 0.716  0.368 0.427 0.364 0272  0.330 0.846

Note: Based on author’s calculations from the collected primary data. ATT - Attitude,
BI - Behavioral Intention, EE - Effort Expectancy, FC - Facilitating Conditions, PE -

Performance Expectancy, SI - Social Influence
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Table 9 displays the diagonal values representing the square root of the AVE
for the all variables of the study. These diagonal values are more than the correlations
with the items within each variable, indicating that the variables are distinct from one
another and confirming their discriminant validity.

The Heterotrait-Monotrait Ratio (HTMT) is a critical measure for assessing
discriminant validity in structural equation modeling. It ensures that theoretically
distinct constructs are not excessively correlated, thereby validating the measurement
model. By confirming discriminant validity through HTMT analysis, it enhances the

credibility and reliability of the study.

Table 10

Heterotrait-monotrait Ratio (HTMT)

Constructs ATT BI EE EC PE SI
ATT
BI 0.819
EE 0.597 0.472
FC 0.667 0518 0.867
PE 0.714 0.507 0.703 0.572
SI 0.462 0.510 0.441 0.356 0.407

Note: Based on author’s calculations from the collected primary data.

The HTMT ratio, which estimates the correlation between constructs, should
below the threshold of 0.90 to achieve discriminant validity (Hair et al., 2019).
Similarly, Henseler et al. (2015) recommend a cut-off value of 0.90 for conceptually

similar variables and 0.85 for distinct variables. With the highest HTMT value at
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0.867, the results confirm assessment of the measurement model’s validity presented
at Table 10. In this analysis, the constructs were compared with one another to assess
their distinctiveness. The highest HTMT value for all constructs was found to be

below the threshold, indicating good discriminant validity.

Structural Model

The research utilized Structural Equation Modeling (SEM) as the analytical
technique using SmartPLS, a powerful statistical method designed to analyze intricate
association among observed as well as latent variables. Specifically, PLS-SEM was
utilized to test the proposed research framework (Hair et al., 2021). Following the
assessment of the measurement model, the structural model was then analyzed,
including Collinearity Analysis, the Coefficient of Determination with corresponding
p-values, and overall model fitness. Finally, the hypotheses were tested based on these
analyses.

The Variance Inflation Factor is used to test collinearity between the predictor
construct within the inner model. The VIF quantifies the extent of collinearity among
the independent variables in this research. Hair et al. (2021) suggest that a VIF value
greater than 5 suggest a significant risk of collinearity, values ranging from 3 to 5
imply a moderate risk, and the values below 3 are considered ideal, indicating
minimal collinearity concerns. Consequently, as the values presented in the Table 6,
the data exhibits no multi-collinearity issues, as evidenced by the VIF values.

In PLS-SEM, the R Square (R?) coefficient is a key metric that demonstrates
the degree to which the variation in the endogenous variables are accounted by the

exogenous variables. Higher R? values signify a greater explanatory power of the
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model. Hair et al. (2011) suggest that R? values of 0.75, 0.50, and 0.25 indicating
strong, moderate, and weak explanatory power, sequentially. This measure is essential
for evaluating the model's ability to accurately forecast outcomes and overall fit,
guiding researchers in evaluating the robustness of their structural models (Hair et al.,
2021; Hair et al., 2011). In this research, the R? value for predicting Attitude was
0.404, while for Behavioral Intention it was 0.454, as illustrated in Figure 7. These
values indicate that the model demonstrates moderate predictive power.

Hypotheses H1 postulated that Performance Expectancy positively influences
attitude towards the utilization of mobile applications. The results of the structural
model are outlined in Table 11, reveal statistically significant relationships between
PE and ATT (f=-0.374, t=7.744, p<0.05). Therefore, hypotheses H1 was confirmed.

Hypotheses H2 posited that Effort Expectancy positively influences attitude
towards the use of mobile applications. However, the results of the structural model,
as presented in Table 11, reveal statistically insignificant positive relationships
between EE and ATT (f=0.044, t=0.685, p>0.05). Thus, hypotheses H2 was not
validated.

Hypotheses H3 postulated that Social Influence positively influences attitude
towards the use of mobile applications. The structural model results (refer to Table
11) reveal statistically significant relationships between SIto ATT (f=0.162, t=3.634,
p<0.05). Hence, hypotheses H3 was validated.

Hypotheses H4 posited that Facilitating Conditions positively influences
attitude towards the use of mobile applications. The structural model results (refer to
Table 11) reveal a statistically notable positive association between FC to ATT

(f=0.247, t=4.270, p<0.05), Thus, hypotheses H4, was supported.
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Hypotheses H5 postulated that Attitude positively influences the intention to
use mobile applications. The structural model findings as depicted in Table 11,
demonstrated statistically significant relationship between ATT to BI (/=0.674,

t=19.329, p<0.05). Hence, hypotheses H5 was supported.

Figure 7
Structural Model with Path Coefficient, R’ and p-value
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Note. Based on the output generated by SmartPLS 4 (Ringle et al., 2024) on structural

model from the collected primary data.
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Table 11

Results of Structural Path Model

Hypothesis Standardized T statistics P values (p) Significance
Beta () (t)
H1: PE -> ATT 0.374 7.744 0.000 Significant
H2: EE - > ATT 0.044 0.685 0.493 Not Significant
H3: SI->ATT 0.162 3.634 0.000 Significant
H4: FC - > ATT 0.247 4270 0.000 Significant
H5: ATT - > BI 0.674 19.329 0.000 Significant

Note. Based on author’s calculations from the collected primary data.

Model Fitness Summary

In PLS-SEM, the Model Fit Summary is used to evaluate the adequacy of the
model fit in representing the data. Commonly used measures include the Standardized
Root Mean Square Residual (SRMR), which evaluates the discrepancy among the
observed and predicted correlations, where smaller SRMR values signify a superior
model fit. Additionally, the Normed Fit Index (NFI) is employed to evaluate the
model's fit relative to a baseline model. As shown in Table 12, the SRMR coefficient
of the saturated model (0.074) and the estimated model (0.081) fall below the
generally accepted threshold of 0.08, as posited by Ringle et al. (2024), indicating an
acceptable model fit. However, the NFI values for both the saturated model (0.749)
and estimated model (0.742) fall below the generally recognized limit of 0.90 for a
good assessment, indicating potential areas for further model refinement, as noted by

Ringle et al. (2024).
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Model Fitness Summary

Saturated model

Estimated model

SRMR 0.074
d ULS 1.163
dG 0.398
Chi-square 926.185
NFI 0.749

0.081

1395

0.412

951.560

0.742

Note. Based on author’s calculations from the collected primary data.

To enhance this study or for future research, several steps can be taken to
improve the model fit indices. Increasing the sample size can enhance the reliability

of the fit indices. Examining modification indices suggest adding or removing paths
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to improve model fit. Ensuring that the measurement model is well-specified and that

the indicators are reliable and valid is crucial. For instance, only items with higher

factor loadings should be retained, while those with loadings in the range of 0.60 to

0.70 should be omitted.

Moderation Analysis

The study hypothesizes that age, business experience, and education level
moderates the association of performance expectancy, effort expectancy, social

influence, and facilitating conditions with attitude towards utilization of mobile

applications.
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Consequently, a moderation analysis was performed. However, the results, as

depicted in Figure 8, indicate that the interaction effects, represented by the beta
coefficients and p-values, do not demonstrate any significant moderation by age

business experience, or education in predicting attitudes based on the UTAUT2
constructs.

Figure 8

Path Coefficient, R’ and p-value for Moderation Analysis
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To further validate the moderation analysis, a simple slope analysis was
performed. The interaction effects for AGE x PE, AGE x EE, AGE x SI, and AGE x
FC, as depicted in Figure 9, reveal that the slope of interaction for AGE at +1 SD with
PE, EE, SI, and FC is not significantly steeper compared to AGE at -1 SD.

Additionally, in the cases of SI and FC, the slope was negative.

Figure 9
Simple Slope Analysis of AGE on PE, EE, SI, and FC

AGEXHL AGE x EE

AGE x 51 AGE x FC

Note. Based on the output generated by SmartPLS 4 (Ringle et al., 2024) on simple

slope analysis of AGE from the collected primary data.

These findings align with the path analysis results, further confirming that age

does not moderate the relationship among PE, EE, SI, FC, and attitude.
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Similarly, the interaction effects for BE x PE, BE x EE, BE x SI, and BE x FC,
as shown in Figure 10, indicate that the slope of the interaction for business
experience (BE) at +1 SD with PE, EE, SI, and FC is not substantially steeper
compared to BE at -1 SD. Moreover, in the cases of EE and FC, the slope was

negative.

Figure 10
Simple Slope Analysis of BE on PE, EE, SI, and FC

BEx PE BE % EE

BEx S BEx FC

Note. Based on the output generated by SmartPLS 4 (Ringle et al., 2024) on simple

slope analysis of BE from the collected primary data.

These results are consistent with the path analysis, confirming that business

experience does not moderate the association among PE, EE, SI, FC, and attitude.
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Similarly, the interaction effects for EDU x PE, EDU x EE, EDU x SI, and
EDU x FC, as depicted in Figure 11, demonstrate that the slope of the interaction for
education level (EDU) at +1 SD with PE, EE, SI, and FC is not significantly steeper
than that at -1 SD. Additionally, in the case of effort expectancy (EE), the slope was
negative. These findings align with the results of the path analysis, further validating
that education level does not moderate the association among PE, EE, SI, FC, and

attitude.

Figure 11
Simple Slope Analysis of EDU on PE, EE, SI, and FC

EDU x PE EDU X EE

Note. Based on the output generated by SmartPLS 4 (Ringle et al., 2024) on simple

slope analysis of EDU from the collected primary data.
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In conclusion, hypothesis H6 was not supported, the moderating relationship
of age, education level, and business experience on performance expectancy, effort
expectancy, social influence, and facilitating conditions were not significant. To
further explore these demographic variables' influence on attitude, a regression
analysis was conducted. This approach enabled a detailed examination of the impact
of multiple predictors on a single outcome, providing valuable insights into the
relative importance of each predictor (Hair et al., 2018; Sarstedt & Mooi, 2019). As
illustrated in Figure 12, age demonstrated a statistically significant negative relation
with attitude, whereas education and business experience showed significant positive
relationships. However, the model demonstrated limited predictive power, having R?

value of 0.070.

Figure 12

Regression Analysis of Demographic Constructs on Attitude
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Note. Based on the output generated by SmartPLS 4 (Ringle et al., 2024) on

regression analysis from the collected primary data.
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CHAPTER V

SUMMARY, DISCUSSIONS AND IMPLICATIONS

The main aim of this research was to investigate the determinants affecting the
intention to utilize mobile applications for accessing business information.
Additionally, the research focused to explore the moderating roles of Age, Business
Experience, and Education level in the relationship with Performance Expectancy,
Effort Expectancy, Social Influence, and Facilitating Conditions on Attitudes. The
study framework was grounded in the UTAUT2. The main research questions were:
Do Performance Expectancy, Effort Expectancy, Social Influence, and Facilitating
Conditions influence individuals' Attitudes and, subsequently, their Behavior
Intention to use mobile applications for business information? Furthermore, do Age,
Business Experience, and Education moderate the relationship (a) Performance
Expectancy, Effort Expectancy, Social Influence, and Facilitating Conditions with (b)
individuals' Attitudes? To address these questions, the research utilized PLS-SEM to
empirically test the proposed association. Following the assessment of multivariate
assumptions such as linearity and multicollinearity, the PLS-SEM was utilized
rigorously test the hypotheses.

This chapter outlines a comprehensive overview of the research results,
including a summary of the hypothesized results and an examination of the ways how
these outcomes relate to prior research and existing theoretical frameworks. The
empirical findings are critically analyzed in light of earlier studies, offering insights
into both the consistencies and divergences from previous work. Furthermore, the

chapter examines the practical implications of these outcomes for both researchers
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and managers. It wraps up with a critique of the research, addressing its limitations

along with offering suggestions for future research.

Summary of Main Findings

To accomplish the study's primary objectives, both descriptive along with
inferential statistical techniques were utilized to test the hypotheses and derive
meaningful conclusions.

The demographic analysis of the sample population reveals a balanced
distribution across age groups, with the majority falling into the 31-35 and above 40
categories (25.6% each), followed by the 36-40 age group (24.8%). Most participants
have secondary or lower educational qualifications (37.6%), while a substantial
portion holds intermediate (34.3%) and bachelor’s degrees (24.0%). In terms of
business experience, 62.4% of respondents have five or fewer years of business
experience, having an average business operation duration of 5.97 years. These
enterprises typically employ 1-8 people, averaging 2.28 employees. Most respondents
access the internet from home (54.0%), with smartphones being pivotal for payments
(90.5%), ordering products (59.1%), and accessing market information (53.7%).
Additionally, 67.5% of businesses are registered, predominantly as sole
proprietorships (54.5%) and mainly in the service sector (23.5%), emphasizing
individual or family ownership.

The descriptive statistics for six variables reveal generally positive responses,
with mean values varied between 3.825 and 4.247 and standard deviations ranging
from 0.507 to 0.653, indicating moderate variability. The full range of the Likert scale

(1 to 5) was used in participant responses. The common method bias was assessed
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using the full collinearity method, and the variance inflation factors remaining below
the cutoff point of 3.33, confirming the absence of CMB. The measurement model
showed strong reliability as well as validity, with coefficients for Cronbach’s Alpha
(CA), Composite Reliability (CR), and Average Variance Extracted (AVE) within
acceptable thresholds. Additionally, discriminant validity was confirmed through the
Fornell-Larcker Criterion and the Heterotrait-Monotrait Ratio, further confirming the

model's reliability and validity.

Table 13

Summary of Hypotheses Testing

SN. Hypotheses Hypothesized  Findings
Relationship
H1 Performance Expectancy positively influences Positive Supported

attitude towards the use of mobile applications.

H2 Effort Expectancy positively influences attitude Positive Not
towards the use of mobile applications. Supported
H3 Social Influence positively influences attitude Positive Supported

towards the use of mobile applications.

H4 Facilitating Conditions positively influences Positive Supported
attitude towards the use of mobile applications.

HS5 Attitude positively influences the intention to Positive Supported
use mobile applications.

H6 Age, business experience, and education level Positive Not
moderates the relationship of performance Supported
expectancy, effort expectancy, social influence,
and facilitating conditions with attitude towards

use of mobile applications.

Note: Based on author’s calculations from the collected primary data.
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The research utilized Structural Equation Modeling with SmartPLS to analyze
complexity of observed as well as latent variables. The structural model was analyzed
following the assessment the measurement model, focusing on collinearity analysis,
the coefficient of determination, and corresponding p-values. Model fitness was also
examined. Based on these analyses, the hypotheses were evaluated to determine the
relationships between variables, ensuring a robust and comprehensive evaluation of
the proposed model. In addition, moderation analysis was conducted using SmartPLS,
and the hypotheses related to moderation were tested and interpreted through path and
simple slope analysis.

Table 13 presents a detailed summary of the hypotheses examined in this
study, along with their respective outcomes. The table indicates the findings of
hypothesis acceptance or rejection, grounded on the empirical findings of the analysis.
This summary facilitates a clear comparison between the theoretical assumptions and

the actual findings observed in the research context.

Discussions

The discussion section evaluates the results of this study with previous studies
and contextualizes them within the Nepalese setting, focusing on women enterprises
in the Kathmandu Valley. The results of all six hypotheses are discussed within this
context.

In discussing the findings related to the first hypothesis, which posits that
performance expectancy positively influences attitudes toward using mobile
applications, the findings of this research emphasize the pivotal importance of

performance expectancy in shaping the attitudes of women entrepreneurs in the
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Kathmandu Valley toward adopting mobile applications for business purposes. Given
the unique challenges faced by women-owned enterprises in the region, such as
limited access to traditional business resources and support networks (Acharya &
Pandey, 2018), the perceived usefulness of mobile applications plays a particularly
important role. The favorable impact of performance expectancy on attitudes toward
the plan to adopt mobile applications aligns with the results of prior research
(Dwivedi et al., 2019; Rana et al., 2017), which indicate that individuals are more
likely to adopt and sustain the use of a technology when they perceive it as
advantageous (Abed, 2021; Malik et al., 2017). In conclusion, the strong association
between performance expectancy and the attitude toward adopting mobile
applications among women-led micro-enterprises in Kathmandu indicates that
enhancing the perceived value of these technologies can significantly increase
adoption rates. This could, in turn, foster the sustainability and growth of women-
owned businesses in the region by providing them with the essential resources to
remain competitive in the market (Mehta & Sinha, 2022).

While discussing the findings related to the hypothesis (H2), which
hypothesized that "Effort Expectancy positively influences attitudes toward the use of
mobile applications," this study reveals that effort expectancy did not exhibit a
significant impact on the attitudes of women-led micro-enterprises in the Kathmandu
Valley regarding the utilization of mobile applications for business purposes,
contradict previous research. Previous research (Dwivedi et al., 2019; Hew et al.,
2015; Puriwat & Tripopsakul, 2021; Sanchez et al., 2019) have consistently exhibited
a strong association with effort expectancy and attitude as well as with behavioral
intention to utilize mobile applications. However, this divergence may be attributed to

the distinct socio-cultural and economic challenges faced by women micro-enterprises
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in Kathmandu Valley. Factors such as limited access to technology, lower levels of
digital literacy, and socio-cultural barriers may diminish the effect of perceived
simplicity of utilization on attitudes toward adoption of mobile applications. These
barriers may prevent adoption even when applications are seen as easy to use. In line
with Slinger et al. (2024) effort expectancy was not the sole determinant of behavioral
intention, which suggests that broader factors like performance expectancy and
facilitating conditions must also be considered. To encourage mobile application
adoption among women micro-entrepreneurs in Kathmandu Valley, it is crucial to go
beyond improving usability by addressing socio-economic and cultural barriers
through comprehensive digital literacy programs, enhanced access to technology, and
supportive community networks.

Regarding the third hypothesis, "Social Influence positively influences
attitudes toward the use of mobile applications," this study's results align with those of
prior studies. They underscore the critical influence of social factors plays in forming
the attitudes of women enterprises in the Kathmandu Valley toward adopting mobile
applications for business purposes. Consistent with studies by Mehta and Sinha
(2022), Abed (2021), and Rana et al. (2017), social influence has a substantial effect
in shaping behavioral intentions and attitudes toward technology utilization. In this
baclground, social influence operates through peer networks, community norms, and
visible examples of entrepreneurial success, fostering an environment where mobile
application adoption is both advantageous and socially endorsed. Positive
reinforcement from peers and the community encourages women entrepreneurs to
integrate mobile applications into their business operations, enhancing performance

and sustainability. These findings reinforce the notion that social influence plays a



68

crucial role in shaping the behavioral intention towards the utilization of mobile
applications for business purposes, as supported by recent studies (Abed, 2021).

In discussing the fourth hypothesis, the research emphasizes the pivotal
important of facilitating conditions (FC) in affecting attitudes toward the plan to
utilize mobile technologies for business among women enterprises in the Kathmandu
Valley. The findings align with prior research, suggesting that when female
enterprises have availability to essential resources, knowledge, and support, their
likelihood of adopting and utilizing new technologies increases significantly. For
example, Dutta and Shivani (2022) noted that FC strongly influences behavioral
intention, particularly when women receives technological knowledge as well as
resources. Similarly, Malik et al. (2017) emphasized the positive effect of FC on
women's ability and willingness to adopt new technologies. However, the influence of
FC can vary by context. While Lai (2013) found a significant favorable influence of
FC on BI within the area mobile tour guides, other studies, such as Abed (2021) and
Okumus et al. (2018) reported no significant effect in different settings. This variation
underscores the need to consider the specific context of Nepal, where digital
infrastructure and literacy levels, particularly among rural women entrepreneurs,
remain relatively low. In this study, the hypothesis that FC would positively influence
attitudes toward mobile application use was supported. This suggests that improving
facilitating conditions - such as enhancing access to digital infrastructure, increasing
digital literacy, and providing targeted support—can significantly boost the attitudes
of women entrepreneurs toward adopting mobile applications for business purposes.
These findings hold important implications for policymakers and stakeholders seeking
to promote digital inclusion and empower women entrepreneurs in the Kathmandu

Valley.
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In relation to the fifth hypothesis, “Attitude positively influences the intention
to use mobile applications,” the research findings underscores the crucial impact of
attitude in shaping the behavioral intention to utilize mobile technologies among
women entrepreneurs in the Kathmandu Valley. Aligning with prior research, such as
Zhang and Zhou (2024) which emphasized the positive association among perceived
usefulness, perceived ease of use with behavioral intentions, this research confirms
that favorable attitude toward mobile applications significantly enhances the
probability of their adoption for business purposes. This finding is particularly
pertinent for women-owned enterprises, where the integration of mobile technology
can enhance business growth and operational efficiency. The significant effect of
attitude towards behavioral intention is further validated by studies in similar contexts
(Dwivedi et al., 2019) which reflects that including attitude in theoretical models
significantly enhances their explanatory power regarding usage behavior. Moreover,
studies on mobile user adoption in public administration and e-government, mobile
user adoption by Hung et al. (2013), Lu et al. (2010), and Rana et al. (2015) have
repeatedly shown that attitude is a key predictor of behavioral intention. Therefore,
promoting a positive attitude towards mobile applications through targeted
interventions and training programs could be a strategic approach to boost to utilize
the mobile technologies among women-led micro-entrepreneurs in Kathmandu,
ultimately contributing to their business success and empowerment.

The results pertaining to the sixth hypothesis, which indicated that age,
business experience, and education level do not serve as a moderating factor in
relationship with UTAUT2 constructs and attitudes toward mobile application usage,
offer noteworthy insights into women-owned enterprises in the Kathmandu Valley.

These results suggest that the utilization of mobile technologies by these women
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enterprises is driven more via other intrinsic qualities of the technology and the
immediate business environment rather than demographic factors. Women
entrepreneurs in the Kathmandu Valley face unique challenges, including limited
access to advanced ICT infrastructure, socio-cultural restrictions, and bureaucratic
obstacles (Acharya & Pandey, 2018; Shrestha, 2022). Elements such as the
entrepreneurial ecosystem, infrastructure support networks, and government policies
are crucial in influencing mobile application adoption (Diaz-Arancibia et al., 2024).
These challenges may diminish the moderating influence of age, business experience,
as well as education level. For example, the strong influence of social networks and
peer support in the local entrepreneurial ecosystem may play a more critical role in
technology adoption than previously expected (Acharya & Pandey, 2018).
Furthermore, the rapid pace of technological advancement and the pressing need for
digital transformation in business operations may encourage entrepreneurs to adopt
new technologies, irrespective of their demographic background (Shrestha, 2022).
The lack of significant moderating effects could also be attributed to the relatively
homogenous nature of the sample in terms of their exposure to and familiarity with
mobile technologies. Women entrepreneurs in the Kathmandu Valley may share
similar levels of technology anxiety and effort expectancy due to the common socio-
economic conditions they face (Acharya & Pandey, 2018). These findings highlight
the necessity of targeted interventions that address the specific barriers faced by
women entrepreneurs in the region, such as improving digital literacy, enhancing
access to reliable ICT infrastructure, and fostering supportive policy frameworks
(Shrestha, 2022). Overall, the findings underscore the role of considering broader
contextual elements influencing technology adoption among women entrepreneurs in

the Kathmandu Valley, rather than focusing solely on demographic variables.
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Conclusion

This research offers valuable insights into the determinants affecting the
utilization of mobile applications by women entrepreneurs within Kathmandu Valley.
The finding suggest that performance expectancy and social influence are substantial
factors of positive attitudes toward mobile application use. However, effort
expectancy, while a common factor in previous studies, does not have a significant
impact in this context. Facilitating conditions, such as technology access and digital
knowledge, are pivotal in building attitudes and intentions. The research also
demonstrates that attitude is a strong factor of behavioral intention, highlighting the
importance of fostering positive perceptions of mobile applications. Importantly,
demographic factors like age, business experience as well as education level do not
have moderation effect with the UTAUT2 constructs and attitudes, suggesting that the
utilization of mobile applications is derived more by contextual factors than
individual characteristics. These results focuses in the implementations of the targeted
interventions to highlights specific hurdles faced by female entrepreneurs in the
region, like improving digital literacy, enhancing access to technology, and fostering
supportive policy frameworks. By addressing these factors, policymakers and
stakeholders can create an enabling environment that empowers women entrepreneurs

to leverage mobile applications for their business growth and success.

Implication of the Study

This study provides critical views for researchers, academicians, and managers

aiming to increase the likelihood of intention to adopt mobile technologies among
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women micro-enterprises for business information within the Nepalese context. The
study makes substantial contributions to both practical applications and academic

literature. The subsequent section outlines the implications of this study.

Theoretical Implications

The UTAUT?2 has been widely utilized to comprehend technology adoption
across various contexts. However, its applicability within the unique socio-cultural
and economic landscape of women-led micro-entrepreneurs in developing countries
remains underexplored. This research focuses to bridge the theoretical gap by
examining the UTAUT2 framework in the context of the Kathmandu Valley, Nepal.
By focusing on this specific demographic, the study provides valuable insights into
how local conditions, such as limited digital literacy and technological infrastructure,
influence the adoption of technology. The findings challenge some of the established
constructs of UTAUT?2, highlighting the need for more contextualized frameworks to
better understand technology adoption in underdeveloped regions. Here are the
theoretical implications of the research:

1. Extension of UTAUT2: The research expanded the UTAUT2 by providing
nuanced insights into its applicability in the area of women-led micro-entrepreneurs in
a country like Nepal, particularly the Kathmandu Valley.

2. Diminished Role of Effort Expectancy: Contrary to prior research
(Venkatesh et al., 2012) that focused the role of effort expectancy in technology
utilization, this study highlights its diminished role in contexts where socio-cultural
and economic barriers dominate, such as limited digital literacy and technological

infrastructure.
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3. Contextual Behavior of UTAUT2 Constructs: The findings suggest that
UTAUT?2 constructs may behave differently based on local conditions, particularly in
underdeveloped regions, calling for more contextualized frameworks (Dwivedi et al.,
2019).

4. Challenges to Generalizability: The absence of significant moderating
influence of demographic variables challenges the generalizability of these constructs
across different cultural and economic contexts (Abed, 2021; Mehta & Sinha, 2022).

5. Critical Role of Performance Expectancy as well as Social Influence: The
study reinforces the critical importance of performance expectancy as well as social
influence in forming attitudes toward technology adoption, emphasizing that
community and peer dynamics play an essential role in influencing behavior among

women-led micro-entrepreneurs (Rana et al., 2017).

Managerial Implications

The adoption of mobile applications among women-led micro-entrepreneurs in
the Kathmandu Valley has the potential to significantly enhance their business
operations and economic empowerment. However, various factors influence the
adoption rates of these technologies. Understanding these factors and addressing the
barriers can help stakeholders develop effective strategies to promote mobile
application usage. The following managerial implications are derived from recent
findings and offer actionable insights for stakeholders aiming to support women-led

micro-entrepreneurs in this region.
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1. Enhance Performance Expectancy: Implement targeted training programs
that clearly demonstrate the business benefits of mobile applications to increase
adoption rates (Mehta & Sinha, 2022).

2. Address Structural Barriers: Focus on improving digital literacy and access
to technological infrastructure rather than solely enhancing the usability of mobile
apps (Puriwat & Tripopsakul, 2021).

3. Leverage Social Influence: Create community-based peer support networks
or utilize successful women entrepreneurs as role models to enhance technology
adoption (Rana et al., 2017).

4. Improve Facilitating Conditions: Invest in ICT infrastructure to provide
consistent connections and mobile devices, which are crucial for empowering women-

owned businesses (Dutta & Shivani, 2022).

Critique of the Study and Future Research Directions

While this research provides significant understanding of the determinants that
impact mobile application utilization among women micro-enterprises in Nepal, it has
certain constraints and possible directions for further investigation. Firstly, the cross-
sectional design of the research confines the capability to ascertain relation among the
constructs. The research spanning over a time could offer a deeper comprehensive
insights on the adoption process over time. Secondly, the research focused solely on
the Kathmandu Valley, and the results can’t be generalizable to different regions or
countries with variety of socio-economic and cultural environments. Future study
could explore the usability of the UTAUT theories and models in diverse context.

Thirdly, the study did not focused the moderating effects of other variables, like
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cultural norms, digital literacy, entrepreneurial self-efficacy, or access to financial
resources. Future study could investigate how these variables interact with the
UTAUT constructs to influence mobile application adoption. Finally, the study only
considered the plan to utilize mobile technologies instead of empirical usage behavior.
Future research could explore the factors that influence the actual utilization of mobile
applications within women micro-enterprises.

In summary, this study makes a substantial contribution to the understanding
of mobile application adoption among women micro-enterprises in Nepal. However,
further studies is required to overcome the restrictions of this study and explore the
broader implications of these findings for policymakers, organizations, and

entrepreneurs seeking to empower women through digital technologies.
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ANNEXES

Annexes 1: Questionnaire
Dear Respondents,
This questionnaire is a part of a study titled “Factors Influencing the Intention to Use
Mobile Application for Business Information: A Study Among Micro-Enterprises”.
Your response will be anonymous and used for the stated purpose only. The
submission of the completed questionnaire will indicate your consent to participate in
the survey. Your honest response to this questionnaire is highly appreciated.
Thanking you for your kind cooperation.
Section I:

1. Technology Information:

1. Do you use the internet on your smartphone?

1=56
0=No
2. Have you ever used a smartphone for business information?
I="%es
0=No

3. What are the common purposes of using smartphones for business information?
1 = Market information
2 = Order products
3 = Facilitate payments
4 = Information related to enterprise
5 = Communication with other businesses
6 = Any other information
4. Where is the enterprise’s primary source of internet?
1 =Own House
2 = House owners
3 = In Neighbors House
4 = Public place
5 = Use data

2. Business Information:
5. How long have you been involved in this enterprise? :]

6. How many employees do you have? [:

7. Is your enterprise registered?
I =%eg
0=No



8. If yes, where 1s it registered?
1 =Ward
2 = Palika
3 = District, PAN, and VAT
4 = Company Registrar's office
5 = Cottage and Small Industry Office

6 = Others
9. The legal form of the enterprise?
1 = Sole proprietorship
2 = Partnership
3 = Company limited
10. Who is the owner of the enterprise?
1 = Myself
2 = Husband
3 = Son / Daughter
4 = Parents / In-laws
5 = Other Person

11. What does your enterprise do? What best describe your business?

1 = Trade (Buy and Sell)
2 = Manufacturing/Production (Goods and Sell)
3 = Service (In-kind Service and sell)
4 = Others
Section II:

3. Technological Perception:
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Please rate whether you disagree or agree with the following statements relating to

doing business. (Mobile applications/Google/YouTube/Social Media/............. )
SN Strongly | Disagree | Neither | Agree | Strongly
Disagree disagree Agree
nor
agree
Performance Expectancy (Al-Saedi et al., 2020) — CA (0.901)
1 | Mobile applications are 1 2 3 - 5
useful in my business.
2 | Mobile applications help 1 2 3 4 5
me to accomplish tasks
more quickly in the
business.
3 | Mobile applications 1 2 3 - 5
increase my productivity
in my business.
Effort Expectancy (Abed, 2021) — CA (0.705)
4 | My interaction with 1 2 3 4 5
Mobile applications
would be clear and
understandable in my
business.
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It would be easy for me to
become skillful at using
Mobile applications in my
business.

I would find Mobile
applications easy to use in
my business.

Learning how to use
Mobile applications is
easy for me in my
business.

Social Influence (Al-Saedi et al

., 2020) — CA (0.848)

8

People who are close to
me (family) think that I
should use Mobile
applications in my
business.

1

2

People who influence my
behavior
(neighbors/friends) think
that I should use Mobile
applications in my
business.

10

People whose opinions I
value prefer that I use
Mobile applications in my
business.

Facilitating Conditions (Abed, 2021) — CA (0.697)

11

I have the resources
necessary to use Mobile
applications for my
business.

1

2

12

[ have the
knowledge/skills
necessary to use Mobile
applications in my
business.

13

I have the time necessary
to use Mobile applications
in my business.

14

Mobile applications are
compatible with the
mobile devices [ use in
my business.

15

I can get help from others
when I have difficulties
using Mobile applications
for my business.
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Attitude (Dwivedi et al., 2017) — CA (0.891)

16

Using Mobile applications
is a good idea for my
business.

1

7

Mobile applications make
work more interesting in
my business.

18

I like the idea of using
Mobile applications in my
business.

19

Getting information from
Mobile applications is fun
for my business.

Beh

avioral Intention (Abed, 20

21) — CA (

0.908)

20

I intend to use Mobile
applications in the future
for my business.

1

2

21

I predict I will use Mobile
applications in the future
for my business.

22

I plan to use Mobile
applications frequently in

my business

Section T11I:

4. Demographic Information:

° Age:
1 = Below 21 years
2 =21-25 years
3 =26-30 years
4 =31-35 years
5 =36-40 years
6 = Above 40 years
° Gender:
1 =Female
@ Educational Level:
1 = Secondary (SEE/SLC) or lower
2 = Intermediate (+2 or equivalent)
3 = Bachelor
4 = Master
5 = Above Master
° Enterprise Location:
= Latitude

= Longitude




